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The impact of financial development on income inequality: a 




Rising income inequality is a widespread concern and the impact of 
financial development on income inequality has received a lot of 
attention. Existing theories offer conflicting predictions about 
the impact of financial development on inequality. Greenwood and 
Jovanovic (1990) argue that the interaction of financial and 
economic development is associated with an inverted u-shaped 
relationship between income inequality and financial development. 
The rise in income in the process of development and the associated 
improvement in financial markets widens inequality, but as the 
economy matures and the financial structure is fully developed, 
the distribution of income stabilizes. In contrast, Galor and Zeira 
(1993) and Galor and Moav (2004) argue that as long as credit 
constraints are binding, financial development enhances economic 
growth and reduces inequality in non-poor economies, whereas in 
poor economies, modest financial development increases inequality. 
Moreover, in insufficiently rich economics, where credit 
                                                 
1 We are grateful to an anonymous referee whose comments improved the paper. 
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constraints are less binding, financial development may increase 
inequality.  
 
Existing empirical evidence provides non-conclusive findings (for 
surveys see, e.g., Claessens and Perotti, 2007, and de Haan and 
Sturm, 2017). Much of that work has been based on ordinary least 
squares, instrumental variables, and panel estimation, which 
estimate the parameters of interest at the mean evaluation by a 
conditional distribution of the dependent variable. In contrast, 
in this paper we examine the effect of financial development on 
income inequality using the quantile regression (QR) methodology 
developed by Koenker and Bassett (1978), which enables us to 
examine the effect at different intervals throughout the income 
inequality distribution. We also examine whether financial 
development impacts income inequality mainly through the banking 
sector or through financial markets, and whether there are 
differences in the effects across country income groups.  
 
2. Estimation methodology and data 
 
We employ the QR approach to examine the effect of financial 
development on income inequality but report panel fixed effects 
results for purposes of comparison. Using QR analysis, we can 
examine the determinants of income inequality throughout the 
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conditional distribution, with particular focus on countries with 
the most equal and unequal income distributions. The quantile 
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for the 𝜃th quantile  (0 < 𝜃 < 1), where 𝑦𝑖 is the dependent 
variable and 𝑥𝑖 is a 𝑘 by 1 vector of explanatory variables.  
 
Our dependent variable is the Gini coefficient based on households’ 
income before taxes from Solt’s (2009) Standardized World Income 
Inequality Database (SWIID).2  To measure financial development, 
we employ the index of financial development developed recently by 
IMF staff, which is designed to capture the depth, access and 
efficiency dimensions of financial institutions (banks and 
nonbanks) and financial markets (for explanations, see Sahay et 
al., 2015,  and Svirydzenka, 2016), and its two key sub-indices 
that reflect separately the contributions to financial development 
from the development of financial institutions and financial 
markets. Our control variables are typical of the literature and 
                                                 
2 As the SWIID standardizes incomes it facilitates comparison across countries. We follow de Haan and Sturm (2017) 
and use household income before taxes to proxy for income inequality before redistribution via the tax system. 
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include: the real per capita GDP growth; the rate of inflation; 
the ratio of foreign trade to GDP; the ratio of government final 
consumption to GDP; an index of representative government to 
capture the impact of voter rights; and a dummy variable to control 
for the impact of economic crisis.3 We employ annual data for 121 
countries for the period 1971-2015 with the data organized into 
five-year non-overlapping averages and with the independent 
variables lagged one (five-year) period to limit endogeneity 
issues. 
 
3. Empirical results 
 
Table 1 presents results for each measure of financial development 
for the full sample of countries. Column (1) reports the panel 
fixed effects estimate and columns (2) to (6) report results for 
the 10, 25, 50, 75 and 90 percent quantiles. Robust standard errors 
for the fixed effects estimates and the QR results from the 1,000 
bootstrapping repetitions are reported to obtain 
heteroskedasticity-robust estimates. Column (6) reports the 
                                                 
3 Data on GDP growth, trade, and inflation are from the World Bank’s World 
Development Indicators database. The index of representative government 
captures contested and inclusive popular elections for legislative and executive 
office and is produced by the International Institute for Democracy and 
Electoral Assistance. The economic crisis dummy variable ranges between 0 to 3 
for each year depending upon whether a country experienced no crisis or one or 
more of a systemic banking crisis, a currency crisis, or a sovereign debt crisis 
and is based on Laeven and Valencia (2013). 
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results of the equality test that the slope coefficients of the 
regression quantiles are all the same. Several observations are 
notable. First, the fixed effects results reported in column (1) 
show that all the measures of financial development have a 
statistically significant and negative impact on income 
distribution—i.e., greater financial development leads to a more 
unequal  income distribution. Second, the impact of financial 
development on inequality runs through both the banking sector and 
through financial markets in broadly equal measures, with the 
coefficients on the two sub-indices positive and statistically 
significant. Third, the signs of the regression quantile 
coefficients for financial development in columns (2) to (6) are 
coherent with the fixed effects results and indicate that financial 
development is associated with an increase in income inequality at 
all levels of income inequality. Fourth, while financial 
development increases inequality at all quantile levels, its 
impact moderates as inequality increases—i.e., financial 
development increases income inequality in countries with more 
equal income distributions but its impact diminishes as incomes 
become more unequal. This is consistent with financial development 
providing a disproportionately larger share of access to finance 
to high-income groups (Claessens and Perotti, 2007). Finally, the 
equality test results for financial development reject the null 
hypothesis that all regression quantile coefficients are equal. Of 
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the other explanatory variables, more representative governments 
appear to reduce income inequality, especially at lower levels of 
income inequality. However, trade openness and government 
consumption expenditure appear to promote income inequality with 
their effects increasing as incomes become more unequal. Total 
government consumption spending may be a poor proxy for social 
spending aimed at reducing income inequalities, but it may also 
indicate that most spending on transfers is captured by the middle 
class (Milanovic, 2000, Davoodi et al., 2003), which is also 
consistent with the quantile results. The coefficients on GDP 
growth and inflation are never statistically significant.  
 
In Tables 2-4, we present results for each measure of financial 
development making use of the World Bank’s country income 
classifications system.4 Table 2 reports results where total 
financial development is the independent variable. The results for 
high-income countries (panel A) and lower income countries (panel 
C) are in line with those for the full sample: more financial 
development increases income inequality at all quantile levels 
with its impact moderating as income inequality increases. For 
                                                 
4  The World Bank’s classification scheme for 2015 defined low-income economies 
are defined as those with a GNI per capita, of $1,025 or less in 2015; lower 
middle-income economies are those with a GNI per capita between $1,026 and 
$4,035; upper middle-income economies are those with a GNI per capita between 
$4,036 and $12,475; high-income economies are those with a GNI per capita of 
$12,476 or more.  
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upper-middle income countries (panel B), however, financial 
development has a different impact: it reduces income inequalities 
across quantiles, and especially at lower levels of income 
inequality. These results are consistent with the Galor and Zeira 
(1993) and Galor and Moav (2004) view of finance: in poor economies 
it increases the size of the small segment of society that invests 
in human capital and increases inequality; in middle-income 
economies, it reduces under-investment in human capital, which 
reduces income inequality; and in rich countries, though credit 
constraints are less binding, the marginal propensity to save 
increases with income so that finance permits the rich to borrow 
more and to increase inequality.  
  
These conclusions broadly hold for estimates in which the 
development of financial institutions and of financial markets are 
the dependent variables, which are reported, respectively in 
Tables 3 and 4. In particular from these results, financial 
development on both measures promotes greater income inequality 
across quantiles for high- and lower-income countries and promotes 
greater equality in upper-middle income countries; and in lower-
income countries the adverse impact of financial development of 
income distribution appears to run mainly through the development 
of financial markets rather than through institutions, the 
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coefficients on the latter measure not being statistically 




In a panel of 121 countries, the impact of financial development 
on income inequality appears to change with a country's level of 
income. It promotes equality in upper-middle income countries, 






Claessens, S., Perrotti, E., 2007. Finance and inequality: 
channels and evidence. Journal of Comparative Economics 
35,748-773. 
Davoodi, H., Tiongson, E., Asawanuchit, S., 2003. How useful are 
benefit incidence analyses of public expenditure and health 
spending? IMF Working Paper 03/227.  
De Haan, J., Sturm, J-E., 2017. Finance and income inequality: a 
review and new evidence. European Journal of Political 
Economy 50, 171-195. 
Galor, O., Moav, O., 2004. From physical to human capital 
accumulation: inequality and the process of development. 
Review of Economic Studies 71, 1001-1026. 
Galor, O., Zeira, J., 1993. Income distribution and 
macroeconomics. Review of Economic Studies 60, 35-52. 
Greenwood, J., Jovanovic, B., 1990.Financial development, 
growth, and the distribution of income. Journal of Political 
Economy 98, 1076-1107. 
Koenker, R., Bassett Jr., G., 1978. Regression quantiles. 
Econometrica 46, 33–50.  
Laeven, L., Valencia, F., 2013. Systemic banking crises 
database. IMF Review 61, 225-270. 
 11 
Milanovic, B., 1994. Determinants of cross-country income 
inequality: an “augmented” Kuznets’ hypothesis. World Bank 
Policy Research Working Paper No. 1246.  
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Financial development and income inequality: dependent variable Gini coefficient 
 (1) (2) (3) (4) (5) (6) (7) 
 Fixed 
effects 
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 (0.011) 
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(0.758) 
Observations 794 794 794 794 794 794  
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Observations 787 787 787 787 787 787  





































































































  3.22 
(0.012) 



















Observations 792 792 792 792 792 792  
 R2  0.086  0.029  0.025  0.034  0.036  0.045  
Column (1) reports panel regression results with fixed country and time effects. Columns (2) to 
(6) contain the coefficients of quantile estimates regressions for the 10, 25, 50, 75 and 90 
percent quantiles of the gini coefficient calculated as 5-year non-overlapping averages of 
annual data during the period 1971 to 2015The equality test applied is the F-test where the 
null hypothesis purports that the estimated slope coefficients for each variable are not 
statistically different across all the quantile estimates. The p-value for this test is given 
below the equality test value. ***, ∗∗ and ∗ indicate statistical significance at the 1%, 5% and 







   
 
Table 2 
Total Financial development and income inequality by country income classification: dependent 
variable Gini coefficient 
 (1) (2) (3) (4) (5) (6) (7) 
 Fixed 
effects 
Q10 Q25 Q50 Q75 Q90 Equality 
test 
A. High-income countries 




















  2.08 
(0.084) 






























































































  0.37 
(0.827) 
 Observations 262 262 262 262 262 262  
R2 0.102  0.039  0.101  0.067  0.044  0.049  
B. Upper middle-income countries 

















  1.29 
(0.276) 





























































































 Observations 222 222 222 222 222 222  
 R2 0.098  0.067  0.071  0.078  0.059  0.040  
C. Lower- and lower-middle-income countries 










































































































 Observations 310 310 310 310 310 310  
R2 0.071  0.081  0.033  0.023  0.107  0.017  
Countries are classified according to the World Bank’s 2015 income group classification. Column 
(1) reports panel regression results with fixed country and time effects. Columns (2) to (6) 
contain the coefficients of quantile estimates regressions for the 10, 25, 50, 75 and 90 percent 
quantiles of the gini coefficient calculated as 5-year non-overlapping averages of annual data 
during the period 1971 to 2015The equality test applied is the F-test where the null hypothesis 
purports that the estimated slope coefficients for each variable are not statistically different 
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across all the quantile estimates. The p-value for this test is given below the equality test 






Financial institutions development and income inequality by country income classification: 
dependent variable Gini coefficient 
 (1) (2) (3) (4) (5) (6) (7) 
 Fixed 
effects 
Q10 Q25 Q50 Q75 Q90 Equality 
test 

























































































  1.49 
(0.205) 






























 Observations 260 260 260 260 260 260  
R2 0.091  0.141  0.070  0.109  0.104  0.104  


















































































































 Observations 219 219 219 219 219 219  
 R2 0.099  0.120  0.072  0.059  0.081  0.026  










































































  1.38 
(0.241) 































 Observations 308 308 308 308 308 308  
R2 0.070  0.046  0.031  0.038  0.021  0.014  
Countries are classified according to the World Bank’s 2015 income group classification. Column 
(1) reports panel regression results with fixed country and time effects. Columns (2) to (6) 
contain the coefficients of quantile estimates regressions for the 10, 25, 50, 75 and 90 percent 
quantiles of the gini coefficient calculated as 5-year non-overlapping averages of annual data 
during the period 1971 to 2015The equality test applied is the F-test where the null hypothesis 
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purports that the estimated slope coefficients for each variable are not statistically different 
across all the quantile estimates. The p-value for this test is given below the equality test 






Financial markets development and income inequality by country income classification: dependent 
variable Gini coefficient 
 (1) (2) (3) (4) (5) (6) (7) 
 Fixed 
effects 
Q10 Q25 Q50 Q75 Q90 Equality 
test 























































































































 Observations 261 261 261 261 261 261  
R2 0.101  0.033  0.096  0.0085  0.027  0.018  
B. Upper middle-income countries 
















  6.22 
(0.000) 


























































































 Observations 221 221 221 221 221 221  
 R2 0.102  0.018  0.105  0.043  0.015  0.025  
C. Lower- and lower-middle-income countries 












































































































 Observations 310 310 310 310 310 310  
R2 0.080  0.064  0.040  0.040  0.033  0.026  
Countries are classified according to the World Bank’s 2015 income group classification. Column 
(1) reports panel regression results with fixed country and time effects. Columns (2) to (6) 
contain the coefficients of quantile estimates regressions for the 10, 25, 50, 75 and 90 percent 
quantiles of the gini coefficient calculated as 5-year non-overlapping averages of annual data 
during the period 1971 to 2015The equality test applied is the F-test where the null hypothesis 
purports that the estimated slope coefficients for each variable are not statistically different 
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across all the quantile estimates. The p-value for this test is given below the equality test 
value. ***, ** and * indicate statistical significance at the 1%, 5% and 10% levels, respectively.  
 
